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variability and faults in these circuits. We utilize autoencoders for layer-
wise pre-training of the deep networks and utilize the back-propagation
algorithm for supervised fine tuning. We demonstrate successful
training of memristor based deep networks for the MNIST digit
classification and the KDD intrusion detection datasets.
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Supervised training of the
entire network using the
pre-trained weights:

for layer-wise pre-training of the networks and utilized the
back-propagation algorithm for supervised fine tuning.
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